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Here again is our small dataset:

6, 5, 4, 6, 7, 8, 3, 5, 9, 2

Variance: average squared deviation from the mean.

We know from earlier in this chapter that the mean (M) of this dataset is 5.50. This is the starting point for 
calculating a variance (and the third measure of variability that we’ll discuss a little later). Indeed, to say there 
is variability, it must be in reference to some benchmark. That benchmark is the mean.

Therefore, we need to take each score and subtract from it the mean. Here are those calculations:

Score Score – Mean
6 0.5

5 –0.5

4 –1.50

6 0.50

7 1.50

8 2.50

3 –2.50

5 –0.50

9 3.50

2 –3.50

To get a number that represents the variability in this dataset, it might be tempting to sum the differences 
between the scores and the mean. Go ahead and do so now. What did you get? If you got zero, you added cor-
rectly. Congratulations. However, there is a problem. There is not zero variability in this dataset. Just look at the 
numbers in the dataset; obviously, these are not all the same. When we sum the differences between individual 
scores and their mean, the answer will always be zero. So, we are not done calculating the variance.

What we need to do is get rid of those negative numbers. To do so, we will multiply each difference score by 
itself. That is, we square each difference score and, thus, eliminate the negative numbers. Let’s do that now:

Score Score – Mean (Score – Mean)2

6 0.5 0.25

5 –0.5 0.25

4 –1.50 2.25

6 0.50 0.25

7 1.50 2.25

8 2.50 6.25

3 –2.50 6.25

5 –0.50 0.25

9 3.50 12.25

2 –3.50 12.25

42.50


